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Proper Citation

BluePyOpt (RRID:SCR_014753)

Resource Information

URL.: https://github.com/BlueBrain/BluePyOpt

Proper Citation: BluePyOpt (RRID:SCR_014753)

Description: An extensible framework for data-driven model parameter optimization that
wraps and standardizes several existing open-source tools. BluePyOpt abstracts the
optimization and evaluation tasks into various reusable and flexible discrete elements
according to established best-practices. It also provides methods for setting up both small-
and large-scale optimizations on a variety of platforms.

Synonyms: Blue Brain Python Optimization Library, Blue Brain Python Optimisation Library
(BluePyOpt), Blue Brain Python Optimisation Library

Resource Type: software application, software resource, simulation software

Keywords: python, optimization, framework, library, brain, model parameter, neuroscience
Funding: European Union FP7 604102

Availability: Acknowledgement requested

Resource Name: BluePyOpt

Resource ID: SCR_014753

Alternate URLSs: http://www.nitrc.org/projects/bluepyopt/

Record Creation Time: 20220129T080322+0000

Record Last Update: 20250522T060917+0000



https://neuinfo.org
https://neuinfo.org/data/record/nlx_144509-1/SCR_014753/resolver
https://github.com/BlueBrain/BluePyOpt

Ratings and Alerts
No rating or validation information has been found for BluePyOpt.

No alerts have been found for BluePyOpt.

Data and Source Information

Source: SciCrunch Registry

Usage and Citation Metrics
We found 23 mentions in open access literature.
Listed below are recent publications. The full list is available at NIF.
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